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BEYOND VISION, SOUND AND NLP




MIMICKING THE BRAIN
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RISE OF DEEP LEARNING
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GROWTH OF ANNUALLY PUBLISHED PAPERS
BY TOPIC (1996-2017)
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ATTENDANCE AT LARGE CONFERENCES
(1984—2018)
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NUMBER OF AT PAPERS ON ARXIV
BY SUBCATEGORY (2010-—2017)
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TECHNICAL APPLICATIONS
BY AI INDEX 2018

Vision

~

e Object detection
e Object segmentation
e Object generation?

\_
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Language

/
N

e Parsing
e Machine translation
e Question answering

e General language understanding evaluation
(GLUE)
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THE ILLUSTRATED GUIDE TO A PH.D.
BY MATT MIGHT

Imagine a circle that contains all of human knowledge:
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By the time vou finish high school, you know a bit more:
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with a bachelor's degree, you gain a specialty: ; .
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A master's degree deepens that specialty: * .
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Reading research papers takes you to the edge of human knowledge:
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Once you're at the boundary, you focus: | ‘
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You push at the boundary for a few years:

1




THE ILLUSTRATED GUIDE TO A PH.D.
BY MATT MIGHT
B ~ S -

Until one day, the boundary gives way:




THE ILLUSTRATED GUIDE TO A PH.D.
BY MATT MIGHT

And. that dent you've made is called a Ph.D.:




THE ILLUSTRATED GUIDE TO A PH.D.
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Of course. the world look

s different to you now:
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So, don't forget the bigger picture: NG g




BECAUSE IT’'S COOL
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BECAUSE IT IS EASY
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Il University

Showing 1-16 of 16 results for all: deep learning dark matter

deep learning dark matter
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MATERTAL SCIENC
HOW TO MAKE NEW MATERIALS?

Singularity Hub
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BIOLOGY :
HOW DOES A GENOME WORK?



WHAT IS GENOME?
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Lumen Learning

CODING AND NON-CODING PARTS

noncoding DNA

gene
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CODING AND NON-CODING PARTS

LTR retrotransposons 8%

DNA transposons 3% SINEs 13%

simple sequence repeats 3%

segmental
duplications 5%
miscellaneous LINEs 20%
heterochromatin 8%

miscellaneous pratein coding
unique sequences 12% genes 1.5%

introns 26%

]

Cell Biology by the Numbers
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